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Abstract  Objective: To establish diagnostic model for prostate cancer based on artificial neural network
(ANN) by combining the clinical information and tumor makers of prostate cancer, and evaluate the performance
of ANN in order to provide references for clinical diagnosis of prostate cancer. Method: Clinical data of 310 pa-
tients with prostatic disease in our institution from January 2010 to June 2014 were collected and analyzed. The ca-
ses were divided into prostate cancer group (100 cases) and non-prostate cancer group (210 cases). All the pa-
tients underwent transrectal prostate biopsy. A total of 210 cases (70 cases from prostate cancer group and 140 ca-
ses from non-prostate cancer group ) were used to establish the diagnostic model with ANN and 100 samples (30
samples from prostate cancer group and 70 samples from non-prostate cancer group) were used to test and evaluate
this model. Result: Age, PSA (TPSA., F/TPSA. PSAD), rectal examination, prostatic volume, the results of
prostate transrectal ultrasound and magnetic resonance were used for the analysis. After repeated training of the
ANN model, the specificity and sensitivity of this model were 80. 0% and 93. 3%. Conclusion: The use of ANN
shows great promise in computer-aided diagnosis, risk assessment of prostate cancer and prostate biopsy indica-
tion.
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